Annex 1
Case Studies

Annex 1.1: Evaluating the Gainsto the Poor from
Workfare: Argentina’'s TRABAJAR Program

I. Introduction

Project Description. Argentina’s TRABAJAR program aims to reduce
poverty by simultaneously generating employment opportunities for the
poor and improving social infrastructure in poor communities. TRABA-
JAR I, a pilot program, was introduced in 1996 in response to a prevail-
ing economic crisis and unemployment rates of over 17 percent. TRABA-
JAR Il was launched in 1997 as an expanded and reformed version of the
pilot program, and TRABAJAR III began approving projects in 1998. The
program offers relatively low wages in order to attract (“self-select”) only
poor, unemployed workers as participants. The infrastructure projects
that participants are hired to work on are proposed by local government
and nongovernmental organizations (NGOs), which must cover the non-
wage costs of the project. Projects are approved at the regional level
according to central government guidelines.

The program has undergone changes in design and operating proce-
dures informed by the evaluation process. TRABAJAR Il included a num-
ber of reforms designed to improve project targeting. The central govern-
ment’s budget allocation system is now more heavily influenced by
provincial poverty and unemployment indicators, and a higher weight is
given to project proposals from poor areas under the project approval
guidelines. At the local level, efforts have been made in both TRABAJAR
IT and III to strengthen the capability of provincial offices for helping poor
areas mount projects and to raise standards of infrastructure quality.

Impact Evaluation. The evaluation effort began during project prepara-
tion for TRABAJAR 1II and is ongoing. The aim of the evaluation is to
determine whether or not the program is achieving its policy goals and to
indicate areas in which the program requires reform in order to maximize
its effectiveness. The evaluation consists of a number of separate studies
that assess (a) the net income gains that accrue to program participants,
(b) the allocation of program resources across regions (targeting), (c) the
quality of the infrastructure projects financed, and (d) the role of the com-
munity and NGOs in project outcome.
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Two of the evaluation components stand out technically in demon-
strating best practice empirical techniques. First, the study of net income
gains illustrates best-practice techniques in matched comparison as well
as resourceful use of existing national household survey data in conduct-
ing the matching exercise. Second, the study of targeting outcomes pre-
sents a new technique for evaluating targeting when the incidence of
public spending at the local level is unobserved. The overall evaluation
design also presents a best-practice mix of components and research tech-
niques—from quantitative analysis to engineering site visits to social
assessment—which provide an integrated stream of results in a timely
manner.

II. Evaluation Design

The TRABAJAR evaluation includes an array of components designed to
assess how well the program is achieving its policy objectives. The first
component draws on household survey data to assess the income gains
to TRABAJAR participants. This study improves upon conventional
assessments of workfare programs, which typically measure participants’
income gains as simply their gross wages earned, by estimating net
income gains. Using recent advances in matched-comparison techniques,
the study accounts for forgone income (income given up by participants
in joining the TRABAJAR program), which results in a more accurate,
lower estimate of the net income gains to participants. The second com-
ponent monitors the program’s funding allocation (targeting), tracking
changes over time as a result of reform. Through judicious use of com-
monly available data (program funding allocations across provinces and
a national census), the design of this component presents a new method-
ology for assessing poverty targeting when there is no actual data on pro-
gram incidence. This analysis began with the first supervisory mission
(November 1997) and has been updated twice yearly since then.
Additional evaluation components include a cost-benefit analysis con-
ducted for a subsample of infrastructure projects, along with social assess-
ments designed to provide feedback on project implementation. Each of
these activities has been conducted twice, for both TRABAJAR I and TRA-
BAJAR III. Three future evaluation activities are planned. The matched-
comparison research technique will be applied again to assess the impact
of TRABAJAR program participation on labor market activity.
Infrastructure project quality will be reassessed, this time for projects that
have been completed for at least one year to evaluate durability, mainte-
nance, and utilization rates. Finally, a qualitative research component will
investigate program operations and procedures by interviewing staff
members in agencies that sponsor projects as well as program beneficiaries.
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III. Data Collection and Analysis Techniques

The assessment of net income gains to program participants draws on
two data sources, a national living standards survey (Encuesta de
Desarrollo Social—EDS) and a survey of TRABAJAR participants con-
ducted specifically for the purposes of evaluation. (The EDS survey was
financed under another World Bank project. It was designed to improve
the quality of information on household welfare in Argentina, particular-
ly in the area of access to social services and government social pro-
grams.) These surveys were conducted in August (EDS) and September
(TRABAJAR participant survey) of 1997 by the national statistical office,
using the same questionnaire and same interview teams. The sample for
the EDS survey covers 85 percent of the national population, omitting
some rural areas and very small communities. The sample for the TRA-
BAJAR participant survey is drawn from a random sample of TRABA-
JAR II projects located within the EDS sample frame and generates data
for 2,802 current program participants (total TRABAJAR II participants
between May 1997 and January 1998 numbered 65,321). The reliability of
the matching technique is enhanced by the ability to apply the same
questionnaire to both participants and the control group at the same time
and to ensure that both groups are from the same economic environment.

To generate the matching control group from the EDS survey, the
study uses a technique called propensity scoring. (The fact that the EDS
questionnaire is very comprehensive, collecting detailed data on house-
hold characteristics that help predict program participation, facilitates the
use of the propensity scoring technique.) An ideal match would be two
individuals, one in the participant sample and one in the control group,
for whom all of these variables (x) predicting program participation are
identical. The standard problem in matching is that this is impractical
given the large number of variables contained in x. However, matches
can be calculated on each individual’s propensity score, which is simply
the probability of participating conditional on (x). (The propensity score
is calculated for each observation in the participant and control group
sample by using standard logit models.) Data on incomes in the match-
ing control group of nonparticipants allows the income forgone by actu-
al TRABAJAR 1I participants to be estimated. Net income arising from
program participation is then calculated as total program wages minus
forgone income.

The targeting analysis is remarkable in that no special data collection
was necessary. Empirical work draws on data from the ministry’s project
office on funding allocations by geographic department for TRABAJAR I
(March 1996 to April 1997) and the first six months of TRABAJAR II (May
to October 1997). It also draws on a poverty index for each department
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(of which there are 510), calculated from the 1991 census as the propor-
tion of households with “unmet basic needs.” This is a composite index
representing residential crowding, sanitation facilities, housing quality,
educational attainment of adults, school enrollment of children, employ-
ment, and dependency (ratio of working to nonworking family mem-
bers). The index is somewhat dated, although this has the advantage of
the departmental poverty measure being exogenous to (not influenced
by) TRABAJAR interventions. To analyze targeting incidence, data on
public spending by geographic area—in this case, department—are
regressed on corresponding geographic poverty rates. The resulting coef-
ficient consistently estimates a “targeting differential” given by the dif-
ference between the program’s average allocations to the poor and non-
poor. This national targeting differential can then be decomposed to
assess the contribution of the central government’s targeting mechanism
(funding allocations across departments) versus targeting at the provin-
cial level of local government.

The cost-benefit analysis was conducted by a civil engineer, who con-
ducted a two-stage study of TRABAJAR infrastructure projects. In the
first stage she visited a sample of 50 completed TRABAJAR I projects and
rated them based on indicators in six categories: technical, institutional,
environmental, socioeconomic, supervision, and operations and mainte-
nance. Projects were then given an overall quality rating according to a
point system, and cost-benefit analyses were performed where appropri-
ate (not for schools or health centers). A similar follow-up study of 120
TRABAJAR II projects was conducted a year later, tracking the impact of
reforms on infrastructure quality.

The social assessments were conducted during project preparation for
both TRABAJAR I and TRABAJAR II. They provide feedback on project
implementation issues such as the role of NGOs, the availability of tech-
nical assistance in project preparation and construction, and the selection
of beneficiaries. Both social assessments were carried out by sociologists
by means of focus groups and interviews.

IV. Results

Taking account of forgone income is important to gaining an accurate
portrayal of workfare program benefits. Descriptive statistics for TRA-
BAJAR II participants suggest that without access to the program (per
capita family income minus program wages) about 85 percent of program
participants would fall in the bottom 20 percent of the national income
distribution—and would therefore be classified as poor in Argentina.
However, matching-method estimates of forgone income are sizable, so
that average net income gained through program participation is about
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half of the TRABAJAR wage. Program participants could not afford to be
unemployed in the absence of the program; hence some income is for-
gone through program participation. It is this forgone income that is esti-
mated by observing the incomes of nonparticipants “matched” to those
of program participants. However, even allowing for forgone income, the
distribution of gains is decidedly pro-poor, with 80 percent of program
participants falling in the bottom 20 percent of the income distribution.
Female participation in the program is low (15 percent), but net income
gains are virtually identical for male and female TRABAJAR participants;
younger participants do obtain significantly lower income gains.

Targeting performance improved markedly as a result of TRABAJAR
II reforms. There was a sevenfold increase in the implicit allocation of
resources to poor households between TRABAJAR I and TRABAJAR II.
One-third of this improvement results from better targeting at the central
level, and two-thirds results from improved targeting at the provincial
level. There are, however, significant differences in targeting outcomes
between provinces. A department with 40 percent of people classified as
poor can expect to receive anywhere from zero to five times the mean
departmental allocation, depending upon the province to which it
belongs. Furthermore, those targeting performance tended to be worse in
the poorest provinces.

Infrastructure project quality was found to be adequate, but TRABA-
JAR 1II reforms, disappointingly, did not result in significant improve-
ments. Part of the reason was the sharp expansion of the program, which
made it difficult for the program to meet some of the operational stan-
dards that had been specified ex ante. However, projects were better at
meeting the priority needs of the community. The social assessment
uncovered a need for better technical assistance to NGOs and rural
municipalities as well as greater publicity and transparency of informa-
tion about the TRABAJAR program.

V. Policy Application

The evaluation results provide clear evidence that the TRABAJAR pro-
gram participants do come largely from among the poor. Self-selection of
participants by offering low wages is a strategy that works in Argentina,
and participants do experience income gains as a result of participation
(although these net gains are lower than the gross wage, owing to income
forgone). The program does not seem to discriminate against female par-
ticipation. TRABAJAR II reforms have successfully enhanced geographic
targeting outcomes—the program is now more successful at directing
funds to poor areas; however, performance varies and is persistently
weak in a few provinces that merit further policy attention. Finally, dis-
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appointing results on infrastructure project quality have generated
tremendous efforts by the project team to improve performance in this
area by enhancing operating procedures—insisting on more site visits for
evaluation and supervision, penalizing agencies with poor performance
in project completion, and strengthening the evaluation manual.

VI1. Evaluation Costs and Administration

Costs. The cost for carrying out the TRABAJAR survey (for the study of
net income gains) and data processing was approximately $350,000. The
two evaluations of subproject quality (cost-benefit analysis) cost roughly
$10,000 each, as did the social assessments, bringing total expenditures
on the evaluation to an estimated $390,000.

Administration. The evaluation was designed by World Bank staff mem-
ber Martin Ravallion and implemented jointly with the World Bank and
the Argentinean project team. Throughout its different stages, the evalu-
ation effort also required coordination with several local government
agencies, including the statistical agency, the Ministry of Labor (includ-
ing field offices), and the policy analysis division of the Ministry for
Social Development.

VII. Lessons Learned

Importance of Accounting for Forgone Income in Assessing the Gains
to Workfare. Forgone income represents a sizable proportion (about half)
of the gross wage earned by workfare program participants in Argentina.
The result suggests that conventional assessment methods (using only
the gross wage) substantially overestimate income gains and hence also
overestimate how poor participants would be in absence of the program.

Propensity-Score Matching Method. When the matched-comparison
evaluation technique is used, propensity scores allow reliable matches
to be drawn between a participant and nonparticipant (control group)
sample.

Judicious Use of Existing National Data Sources. Often, existing data
sources such as the national census or household survey can provide
valuable input to evaluation efforts. Drawing on existing sources
reduces the need for costly data collection for the sole purpose of evalu-
ation. Innovative evaluation techniques can compensate for missing
data, as the assessment of TRABAJAR'’s geographic targeting outcomes
aptly illustrates.
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Broad Range of Evaluation Components. The TRABAJAR evaluation
design illustrates an effective mix of evaluation tools and techniques.
Survey data analysis, site visits, and social assessments are all used to
generate a wide range of results that provide valuable input to the pro-
ject’s effectiveness and pinpoint areas for reform.

Timeliness of Results. Many of the evaluation components were
designed explicitly with the project cycle in mind, timed to generate
results during project preparation stages so that results could effectively
be used to inform policy. Several components now generate data regu-
larly in a continuous process of project monitoring.

VIII. Sources

Jalan, Jyotsna, and Martin Ravallion. 1999. “Income Gains from Workfare
and Their Distribution.” World Bank, Washington, D.C. Processed.

Ravallion, Martin. 1999. Monitoring Targeting Performance When
Decentralized Allocations to the Poor Are Unobserved.” World Bank,
Washington, D.C. Processed.
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Annex 1.2: Does Microfinance Really Help the Poor ?
New Evidence from Flagship Programsin Bangladesh

I. Introduction

Project Description. The microfinance programs of the Grameen Bank,
the Bangladesh Rural Advancement Committee, and the Bangladesh
Rural Development Board are flagship programs for those instituted in
many other countries. These programs provide small loans to poor
households who own less than one-half acre of land. Loans are accompa-
nied by innovative contracts and loan schedules. The programs have
served over 4 million poor clients in Bangladesh and have apparently
been quite successful. For example, the top quartile of borrowers from the
Grameen Bank consume 15 percent more and have almost twice as high
a proportion of sons in school and a substantially increased proportion of
daughters in school compared with the bottom quartile.

Highlights of Evaluation. The evaluation investigates the impact of the
programs on 1,800 households in Bangladesh and compares them with a
control group of households in areas without any microcredit financing.
The major contribution of the study is to demonstrate that simple esti-
mates of the impact of programs can be substantially overstated: correc-
tion for selection bias nullifies apparently impressive gains. The evalua-
tion shows that much of the perceived gains is driven by differences in
who gets the loans: they tend to be wealthier and work more than control
groups. Once appropriate techniques are used, there is no impact of bor-
rowing on consumption, and children in program areas actually do worse
than children in control areas. The key determining factor is the fact that
program lending has not followed eligibility guidelines—in fact, many of
the borrowers had landholdings in excess of the half-acre maximum.

The evaluation both uses an interesting survey technique and makes
imaginative use of econometric techniques. Another interesting angle is
that the evaluation also looks at the effect of the impact on the variance
as well as the mean outcome and finds that the main gain from the pro-
grams is risk reduction rather than increasing mean outcomes.

II. Research Questions and Evaluation Design
The researchers are interested in identifying the impact of microfinance

programs on log consumption per capita, variance of log consumption,
log labor per adult in previous month, variance of per adult log labor,
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adult male labor hours in past month, adult female labor hours in past
month, percentage of male school enrollment (ages 5 to 17), and per-
centage of female school enrollment (ages 5 to 17).

The evaluation is survey-based and covers 87 villages surveyed three
times during 1991 and 1992. Villages were chosen randomly from a cen-
sus and administrative lists, from 5 subdistricts that served as controls
and 24 subdistricts where the programs were implemented. Twenty
households were surveyed per village.

This enabled the researchers to split the households into five different
types, depending on the eligibility criterion of holding one-half acre of
land. It is worth reproducing the schematic, which illustrates how to cre-
ate dummy variables that characterize the typology and how to think
about selection bias.

Village 1: With program | Village 2: Control

A B

Not eligible Households would not be eligible

[b=1;e=0;c=0] with more than | [b=0;e=0;c=0]
1/2acre

C D E

eligible but | Participants | Households Would be eligible

does not [b=1;e=1;c=1]| with 1/2 acre [b=0;e=1;c=0]

participate and below

[b=1;e=1;c=0]

Comparing outcomes for group D with those for group C is fraught
with selection problems: evidence suggests that group C households do
not participate because they are afraid of not being able to pay back. If
landholding is exogenous, groups C and D can be compared with group
E, however, because outcome difference depends on program placement
rather than self-selection. This is not true, of course, if there are differ-
ences across villages. If there are differences (due, possibly, to nonrandom
placement), then it is better to take a difference-in-difference approach.
Thus, an evaluator can calculate mean outcomes for C and D, mean out-
comes for A, and then calculate the difference. Similarly, the difference
between mean outcomes for E and mean outcomes for B can be calculat-
ed, and then the within-village differences can be compared.

III. Data

The researchers collected data on 1,798 households; 1,538 of these were
eligible to participate and 905 actually participated. The surveys were col-
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lected in 1991 and 1992 after the harvests of the three main rice seasons.
The key variables of interest were consumption per capita in the previous
week, the amount of credit received, amount of land held, labor supply
in the past month, and demographic characteristics. A secondary data
source on land transactions is also used to check on market activity in
land.

IV. Econometric Techniques

There are three interesting components to the techniques used. The first
is the use of administrative data to check the key assumptions necessary
to use a regression discontinuity design strategy: the exogeneity of land-
holding. The second is a very nice use of nonparametric graphing tech-
niques to describe both the probability of being found eligible and the
probability of getting a loan as a function of landholdings. This is com-
bined with a very good discussion of when it is appropriate to use a
regression discontinuity design—since the graphical analysis suggests
that there is no clear breaking point at 0.5 acre. Finally, the study primar-
ily uses difference and difference-in-differences techniques.

V. Who Carried It Out

The data were collected by the Bangladesh Institute for Development
Studies on behalf of the World Bank. The analysis was performed by
researcher Jonathan Morduch.

VI. Results

The results suggest that almost all the apparent gains from the program
are due to selection bias resulting from loan mistargeting. In particular,
the authors find that 20 to 30 percent of the borrowers own more land
than the half-acre maximum requirement for the program, which sug-
gests that program officers are likely to bend the rules in unobservable
ways. When the comparisons are restricted to only those borrowers who
meet the land restriction, the authors find that average consumption in
the villages with access to microfinancing is less than the controls with
both the difference and difference-in-differences methods. This suggests
that there was substantial mistargeting of program funds, and as a result
regression discontinuity approaches cannot be used to analyze program
effects.

The evaluation is also useful in the comparison of results from differ-
ent econometric techniques: results differ markedly when fixed effects
and difference-in-differences or simple difference approaches are used.
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The evaluation makes a convincing case that the former is less appropri-
ate when unobservable target group differences are used in making the
location decision. However, there are conflicting results in the two
approaches about whether the programs reduced variation in consump-
tion and income, highlighting the need for longitudinal data. The impact
on education is actually reverse after correction for selection bias.

It is also worth noting that although this analysis shows little impact
of the treatment relative to the control group, the control group may not,
in fact, have lacked access to financing because this may be supplied by
NGOs. The expenditure of millions of dollars to subsidize microfinance
programs is, however, called into question.

VII. Lessons Learned

There are several very important lessons from this study. The first is the
importance of checking whether the program functions as prescribed.
The second is the consideration of the appropriateness of regression dis-
continuity design versus difference in differences or simple difference
techniques. The third is considering the impact of an intervention on the
second as well as on the first moment of the distribution, since the reduc-
tion in risk may, in itself, be a useful outcome. There is a more funda-
mental lesson that is not directly addressed but is clearly learned from the
study. That lesson is one of political economy: if there is a strong incen-
tive to bend the rules, those rules will be bent.

VIII. Sources

Morduch, Jonathan. 1998. “Does Microfinance Really Help the Poor? New
Evidence from Flagship Programs in Bangladesh.” Processed, June 17.

Also see:

Khandker, Shahidur R. 1998. Fighting Poverty with Microcredit: Experience
in Bangladesh. New York: Oxford University Press for the World Bank.
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Annex 1.3: Bangladesh Food for Education:
Evaluating a Targeted Social Program When
Placement |s Decentralized

I. Introduction

Project Description. The Food for Education (FFE) program in
Bangladesh was designed to increase primary school attendance by pro-
viding rice or wheat to selected households as an incentive to parents.
This began as a pilot program but has grown in size and importance: its
share of the Primary and Mass Education Division’s budget grew from 11
percent in 1993-94 to 26 percent in 1995-96 and reached 2.2 million chil-
dren, or 13 percent of total enrollment. The design is quite interesting: the
program was hierarchically targeted in that FFE was given to all schools
in selected economically backward geographic units with low schooling
levels. Then households were chosen to receive the food by community
groups within the geographic units, based on set, albeit somewhat dis-
cretionary, criteria (landless households, female-headed households, and
low-income households). Children in these households must attend at
least 85 percent of the classes each month.

Highlights of Evaluation. This evaluation is extremely useful because it
illustrates what can be done when the intervention design is not at all
conducive to standard evaluation techniques and when the evaluation
has to be done using existing data sources. In fact, the approach in the
FFE was almost the polar opposite to a completely random assignment:
not only were the geographic areas chosen because they had certain char-
acteristics but the individuals within them were chosen because they
needed help. Thus, since the program was targeted at the poorest of the
poor, simple analysis will understate the impact.

This intervention design creates a major problem with creating a coun-
terfactual because clearly selection into the program is determined by the
household’s need for the program. The evaluation provides an innova-
tive—and readily generalizable— approach to addressing the resulting
bias by relying on the decentralization of the decisionmaking process. In
brief, because the central government allocates expenditures across geo-
graphic areas, but local agents make the within-area allocation, the eval-
uation uses instrumental variable techniques based on geography to
reduce the bias inherent in the endogenous selection procedure. The
application of the method results in much higher estimated impacts of
FFE than ordinary least squares approaches.
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II. Research Questions and Evaluation Design

The research question is to quantify the impact of the FFE on school atten-
dance, measured as the attendance rate for each household. There is little
in the way of prospective evaluation design: the evaluation is performed
with already existing data— in particular, using both a nationally repre-
sentative household expenditure survey and a detailed community sur-
vey. The retrospective evaluation was in fact designed to obviate the need
for a baseline survey; the evaluation simply needed surveys that includ-
ed household characteristics and specific geographic characteristics of the
household area. The subsequent sections provide more detail on how
these can be structured so that they reliably infer the impact of the inter-
vention.

III. Data

The data are from the 1995-96 Household Expenditure Survey (HES), a
nationally representative survey conducted by the Bangladesh Bureau of
Statistics that both includes questions on FFE participation and has a
local level survey component. The authors use responses on demograph-
ic household characteristics, land ownership, school, and program vari-
ables from 3,625 rural households to identify the impact on school atten-
dance. School attendance for each child is actually directly measured in
the HES: both the days that are missed and the days that the school is
closed are counted. The dependent variable was constructed to be the
household average number of days school was attended as a proportion
of the feasible number of days. Both parts of this survey are critical. On
the one hand, information on the household helps to capture the impact
of demographic characteristics on school attendance. On the other hand,
information on the characteristics of geographic location helps to model
the decisionmaking strategy of the centralized government and reduce
the selection bias noted above.

IV. Econometric Techniques

The evaluation addresses two very important problems faced by field
researchers. One is that program placement is decentralized, and hence
the allocation decision is conditioned on variables that are unobservable
to the econometrician but observable to the people making the decision.
This means that the evaluation requires a measure that determines pro-
gram placement at the individual level but is not correlated with the
error term (and hence program outcomes). The second is that there is
only a single cross-section survey to work with, with no baseline survey
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of the participants, so it is difficult to estimate the pure impact of the
intervention.

The evaluation is extremely innovative in that it uses the two-step allo-
cation process itself as an instrument. The key feature that is necessary in
order to do this is that the cross-sectional data include both household
characteristics and geographic characteristics. In this particular case, the
model is as follows:

W, =alP; + BX,+n'Z, + W (1)

Here W is the individual’s welfare outcome, X and Z include house-
hold and geographic characteristics, and IP, which is the individual’s
placement in the program, is correlated with the error term. Clearly, and
of fundamental importance in the evaluation literature, least squares esti-
mates of 0 will be biased.

The evaluation uses the geographic differences in placement as instru-
ments for individual placement, because this is not correlated with the
error term, as well as household characteristics. This then characterizes
this relationship as

IP, = YGP, + X, + v, (2)

It is important to note here that it is critical that Z contains all the
information that is used in making the geographic placement decision.
In this case, the two sets of geographic variables are used. One set of
geographic variables is fairly standard and actually directly affects
attendance decisions in their own right: distance to school, type of
school, and school quality variables. The second set has to do with the
placement decision itself and, although long, is worth noting for illus-
trative purposes. The variables include land distribution; irrigation
intensity; road quality; electrification; distance and time to local
administration headquarters and to the capital; distance to health care
and financial facilities; incidence of natural disasters; attitudes to
women’s employment, education, and family planning; average
schooling levels of the head and spouse; majority religion of the vil-
lage; and the population size of the village. These are calculated at the
village level and appear to predict selection fairly well: a probit regres-
sion on a total of 166 villages resulted in a relatively good fit (a pseu-
do-R? of 0.55). This suggests that these variables do in fact capture
overall placement.

This set of equations can then be modeled by using three-stage least
squares and compared with the results from ordinary least squares
regression.



108 EVALUATING THE IMPACT OF DEVELOPMENT PROJECTS ON POVERTY

V. Who Carried It Out

The evaluation was carried out by Martin Ravallion and Quentin Wodon
of the World Bank as part of a long-term collaborative effort between the
Bangladesh Bureau of Statistics and the Poverty Reduction and Economic
Management Unit of the World Bank’s South Asia Region.

VI. Results

There are clear differences in the two approaches: the estimated impact of
FFE using the three-stage least squares approach was 66 percent higher
than the ordinary least squares estimates without geographic controls
and 49 percent higher than with the controls. In other words, simple esti-
mates that only control for variation across households (ordinary least
squares without geographic controls) will substantially understate the
effectiveness of the program. Even including geographic controls to
apparently control for geographic placement does not erase the attendant
bias. In substantive terms, the average amount of grain in the program
appeared to increase attendance by 24 percent when the method outlined
above was used.

It is worth noting that the key factor to make this a valid approach is
that enough variables are available to model the targeting decision and
that these variables are close to those used by administrators. If there are
still omitted variables, the results continue to be biased.

VII. Lessons Learned

Many evaluations do not have the luxury of designing a data collection
strategy from the ground up, either because the evaluation was not an
integral part of the project from the beginning, or simply for cost reasons.
This is an important evaluation to study for two reasons. First, it docu-
ments the degree of bias that can occur if the wrong econometric
approach is used. Second, it describes an econometrically valid way of
estimating the impact of the intervention without the cost and time lag
involved in a prospective evaluation.

VIII. Source

Ravallion and Wodon. 1998. Evaluating a Targeted Social Program When
Placement Is Decentralized. Policy Research Working Paper 1945, World
Bank, Washington, D.C.
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Annex 1.4: Evaluating Bolivia’'s
Social Investment Fund

I. Introduction

Project Description. The Bolivian Social Investment Fund (SIF) was
established in 1991 as a financial institution promoting sustainable
investment in the social sectors, notably health, education, and sanitation.
The policy goal is to direct investments to areas that have been histori-
cally neglected by public service networks, notably poor communities.
SIF funds are therefore allocated according to a municipal poverty index,
but within municipalities the program is demand-driven, responding to
community requests for projects at the local level. SIF operations were
further decentralized in 1994, enhancing the role of sector ministries and
municipal governments in project design and approval. The Bolivian SIF
was the first institution of its kind in the world and has served as a pro-
totype for similar funds that have since been introduced in Latin
America, Africa, and Asia.

Impact Evaluation. Despite the widespread implementation of social
funds in the 1990s, there have been few rigorous attempts to assess their
impact on poverty reduction. The Bolivian SIF evaluation, carried out joint-
ly by the World Bank and SIF, began in 1991 and is ongoing. The study fea-
tures baseline (1993) and follow-up (1997) survey data that combine to
allow a before-and-after impact assessment. It includes separate evalua-
tions of education, health, and water projects and is unique in that it
applies a range of evaluation techniques and examines the benefits and
drawbacks of these alternative methodologies. The initial evaluation
results are complete and are currently being presented to donors and gov-
ernment agencies for feedback. Final results and methodological issues
will be explored in greater depth in conjunction with the Social Investment
Funds 2000 report, along with an analysis of cost-effectiveness.

II. Evaluation Design

The Bolivian SIF evaluation process began in 1991, and is ongoing. The
design includes separate evaluations of education, health, and water pro-
jects that assess the effectiveness of the program’s targeting to the poor as
well as the impact of its social service investments on desired communi-
ty outcomes such as improved school enrollment rates, health conditions,
and water availability. It illustrates best-practice techniques in evaluation
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using baseline data in impact analysis. The evaluation is also innovative
in that it applies two alternative evaluation methodologies—randomiza-
tion and matched comparison—to the analysis of education projects and
contrasts the results obtained according to each method. This is an impor-
tant contribution because randomization (random selection of program
beneficiaries within an eligible group) is widely viewed as the more sta-
tistically robust method, and yet matched comparison (using a nonran-
dom process to select a control group that most closely “matches” the
characteristics of program beneficiaries) is more widely used in practice.

III. Data Collection and Analysis Techniques

Data collection efforts for the Bolivian SIF evaluation are extensive and
include a pre-SIF II investment (“baseline”) survey conducted in 1993
and a follow-up survey in 1997. The surveys were applied to both the
institutions that received SIF funding and the households and communi-
ties that benefit from the investments. Similar data were also collected
from comparison (control group) institutions and households. The house-
hold survey gathers data on a range of characteristics, including con-
sumption, access to basic services, and each household member’s health
and education status. There are separate samples for health projects
(4,155 households, 190 health centers), education projects (1,894 house-
holds, 156 schools), water projects (1,071 households, 18 water projects)
and latrine projects (231 households, 15 projects).

The household survey consists of three subsamples: (a) a random sam-
ple of all households in rural Bolivia plus the Chaco region (one
province); (b) a sample of households that live near the schools in the
treatment or control group for education projects; and (c) a sample of
households that will benefit from water or latrine projects.

To analyze how well SIF investments are actually targeted to the poor,
the study uses the baseline (pre-SIF investment) data and information on
where SIF investments were later placed to calculate the probability that
individuals will be SIF beneficiaries conditional on their income level.
The study then combines the baseline and follow-up survey data to esti-
mate the average impact of SIF in those communities that received a SIF
investment, using regression techniques. In addition to average impact, it
explores whether the characteristics of communities, schools, or health
centers associated with significantly greater than average impacts can be
identified.

In education, for which SIF investments were randomly assigned
among a larger pool of equally eligible communities, the study applies
the “ideal” randomized experiment design (in which the counterfactual
can be directly observed). In health and sanitation projects, in which pro-
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jects were not assigned randomly, the study uses the “instrumental vari-
able” method to compensate for the lack of a direct counterfactual.
Instrumental variables are correlated with the intervention but do not
have a direct correlation with the outcome.

IV. Results

SIF II investments in education and health do result in a clear improve-
ment in infrastructure and equipment. Education projects have little
impact on school dropout rates, but school achievement test scores
among sixth graders are significantly higher in SIF schools. In health, SIF
investments raise health service utilization rates and reduce mortality.
SIF water projects are associated with little improvement in water quali-
ty but do improve water access and quantity and also reduce mortality
rates.

A comparison of the randomized versus matched-comparison results
in education shows that the matched-comparison approach yields less
comparable treatment and comparison groups and therefore less robust
results in discerning program impact. In illustration of this finding, evi-
dence of improvements in school infrastructure (which one would clear-
ly expect to be present in SIF schools) is picked up in the randomized
evaluation design but not in the matched-comparison design.

Finally, the results show that SIF II investments are generally not well
targeted to the poor. Health and sanitation projects benefit households
that are relatively better off in terms of per capita income, and there is no
relationship between per capita income and SIF education benefits.

V. Policy Application

The results on targeting reveal an inherent conflict between the goal of
targeting the poor and the demand-driven nature of SIFE. With the intro-
duction of the popular participation law in 1994, subprojects had to be
submitted through municipal governments. The targeting results suggest
that even in a highly decentralized system it is important to monitor tar-
geting processes. In the Bolivian case, it appears that better-off, more
organized communities, rather than the poorest, are those most likely to
obtain SIF investments. In the case of SIF sanitation projects in particular,
the bias against poorest communities may be hard to correct. Investment
in basic sanitation is most efficient in populated areas that already have
access to a water system so that the project can take advantage of
economies of scale.

The fact that SIF investments have had no perceptible impact on school
attendance has prompted a restructuring of SIF interventions in this sec-
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tor. Rather than focusing solely on providing infrastructure, projects will
provide a combination of inputs designed to enhance school quality.
Similarly, disappointing results on water quality (which shows no
improvement resulting from SIF projects compared with the preexisting
source) have generated much attention, and project design in this sector
is being rethought.

VI. Lessons Learned

Effectiveness of the Randomization Technique. The randomized
research design, in which a control group is selected at random from
among potential program beneficiaries, is far more effective at detecting
program impact than the matched-comparison method of generating a
control group. Randomization must be built into program design from
the outset in determining the process through which program beneficia-
ries will be selected, and random selection is not always feasible.
However, when program funds are insufficient to cover all beneficiaries,
an argument can be made for random selection from among a larger pool
of qualified beneficiaries.

Importance of Institutionalizing the Evaluation Process. Evaluations can
be extremely complex and time consuming. The Bolivia evaluation was
carried out over the course of seven years in an attempt to rigorously cap-
ture project impact, and achieved important results in this regard.
However, the evaluation was difficult to manage over this length of time
and given the range of different actors involved (government agencies and
financing institutions). Management and implementation of an evaluation
effort can be streamlined by incorporating these processes into the normal
course of local ministerial activities from the beginning. Further, extensive
evaluation efforts may be best limited to only a few programs—for exam-
ple, large programs in which there is extensive uncertainty regarding
results—in which payoffs of the evaluation effort are likely to be greatest.

VII. Evaluation Costs and Administration

Costs. The total estimated cost of the Bolivia SIF evaluation to date is
$878,000, which represents 0.5 percent of total project cost. Data collection
represents a relatively high proportion of these costs (69 percent), with
the rest being spent on travel, World Bank staff time, and consultants.

Administration. The evaluation was designed by World Bank staff and
financed jointly by the World Bank, KfW, and the Dutch, Swedish, and
Danish governments. Survey work was conducted by the Bolivian
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National Statistical Institute and managed by SIF counterparts for the
first round and later the Ministry of Finance for the second round.

VIII. Source

Pradhan, Menno, Laura Rawlings, and Geert Ridder. 1998. “The Bolivian
Social Investment Fund: An Analysis of Baseline Data for Impact
Evaluation.” World Bank Economic Review 12 (3): 457-82.
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Annex 1.5: Impact of Active Labor Programs:
Czech Republic

I. Introduction

Project Description. Many developing countries face the problem of
retraining workers when state-owned enterprises are downsized. This is
particularly complicated in transition economies that are also character-
ized by high unemployment and stagnant or declining wages. However,
all retraining programs are not created equal. Some are simply disguised
severance pay for displaced workers; others are disguised unemploy-
ment programs. This makes the case for evaluation of such programs par-
ticularly compelling.

Training programs are particularly difficult to evaluate, however, and
the Czech evaluation is no exception. Typically, several different pro-
grams are instituted to serve different constituencies. There are also
many ways of measuring outcomes, including employment, self-
employment, monthly earnings, and hourly earnings. More than with
other types of evaluations, the magnitude of the impact can be quite
time-dependent: very different results can be obtained depending on
whether the evaluation is one month, six months, one year, or five years
after the intervention.

Highlights of Evaluation. This evaluation quantified the impact of four
active labor market programs (ALP) in the Czech Republic using quasi-
experimental design methods—matching ALP participants with a similar
group of nonparticipants. Both administrative and follow-up survey data
were used in an ex post evaluation of a variety of different outcomes:
duration of unemployment, likelihood of employment, self-employment,
and earnings. Regression analysis is used to estimate the impact of each
of the five programs on these outcomes, controlling for baseline demo-
graphic characteristics.

Several important lessons were learned from this evaluation. One set
of lessons is practical: how to design quite a complex evaluation, how to
use administrative data, how to address the problems associated with
administering the survey, and the mechanics of creating the matched
sample. The second is how to structure an analysis to provide policy-
relevant information—made possible by a detailed evaluation of the
impact by subgroup. This led to a policy recommendation to target ALP
programs to particular types of clients and concluded that one type of
ALP is not at all effective in changing either employment or earnings.
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II. Research Questions and Evaluation Design

This is part of a broader evaluation of four countries: the Czech Republic,
Poland, Hungary, and Turkey. The common context is that each country had
high unemployment, partially caused by the downsizing of state-owned
enterprises, which had been addressed with passive income support pro-
grams, such as un